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Background & Data Cleaning



Background

 Aleesha is a former flatmate of mine who loves Netflix

* Observed her Netflix viewing habits while living with her, noticed
she watched a lot of the same content at the same times.

* Knew about Netflix data request system, tried on my own account
but | had minimal usage

* Initially looking to access her profile ‘Leesh’ for analysis, but
decided to extend to all users on her account (Account shared with

her family, they each have profiles)



Hypothesis for Leesh

* Big Bang Theory number 1 most viewed content

* Harry Potter series most viewed movies, dominating the Top 10
* Majority of viewing as TV shows

 Heaviest usage between 8pm-lam

* Largest user on Netflix account, at least half of all viewing

* Usage increased over 2020 compared to previous year, decrease
when Auckland released from lockdown



Key Questions

What are the most viewed titles by Leesh?

How does her viewing differ by content type (TV or Movies)?

Does she watch more new content vs content already seen before?

How does Leesh’s usage compare to other profiles on the account?

How did Covid-19 Lockdowns affect her viewing habits?



NETFLIX

Profile Supplemental Video Latest

Name Start Time Duration Attributes Type Device Type Bookmark Bookmark Country

Accessing the
Data

Requested data via

Data given in .csv format.
38,000+ Rows from 5 Profiles

Columns:

*  Profile Name (‘Leesh’ name of Aleesha’s profile)

Start Time (DD-MM-YY H:MM)
Duration (H:MM:SS)

Attributes (Identifiers for ‘Autoplayed’ e.g.
played next title without user selecting a title)

Title (Includes season and episode information)

Supplemental Video Type (identifiers for trailers,
hooks etc.)

Device Type (Full names and player in some
cases)

Bookmark
Latest Bookmark

Country

Jacob

Gregor

Gregor

Leesh

Leesh

Leesh

Leesh

Leesh

Leesh

Leesh

Leesh

Leesh

Leesh

Leesh

30-12-20
17:03

30-12-20
4:30

30-12-20
2:37

30-12-20
1:29

30-12-20
1:29

30-12-20
0:30

30-12-20
0:29

29-12-20
22:47

29-12-20
22:47

29-12-20
22:28

29-12-20
22:07

29-12-20
21:46

29-12-20
21:27

29-12-20
21:06

29-12-20
20:46

0:17:06

0:02:32

1:50:39

0:22:16

0:00:08

0:54:58

Autoplayed: user
0:00:42action: None;

Autoplayed: user
0:15:57 action: None;

Autoplayed: user
0:14:58action: None;

Autoplayed: user
0:19:40action: None;

Autoplayed: user
0:20:42action: Unspecified;

Autoplayed: user
0:20:52action: Unspecified;

Autoplayed: user
0:18:36action: Unspecified;

Autoplayed: user
0:21:08action: None;

Autoplayed: user

The Wiggles: Ready, Steady, Wiggle: Season 1: Miss Polly Panasonic Panasonic
Had a Dolly / Wake Up, Lachy! / Lachy Shrunk the Wiggles DTV 2014 LD6 Smart

(Episode 1)

Trailer 2: The Midnight Sky

Jungle

Bridgerton: Season 1: Shock and
Delight (Episode 2)

Bridgerton: Season 1: Shock and
Delight (Episode 2)

Bridgerton: Season 1: Diamond of the
First Water (Episode 1)

Season 1 Teaser: Fate: The Winx
Saga

The Big Bang Theory: Season 6: The
Date Night Variable (Episode 1)

The Big Bang Theory: Season 6: The
Date Night Variable (Episode 1)

The Big Bang Theory: Season 5: The
Countdown Reflection (Episode 24)

The Big Bang Theory: Season 5: The
Launch Acceleration (Episode 23)

The Big Bang Theory: Season 5: The
Stag Convergence (Episode 22)

The Big Bang Theory: Season 5: The
Hawking Excitation (Episode 21)

The Big Bang Theory: Season 5: The
Transporter Malfunction (Episode 20)

The Big Bang Theory: Season 5: The

0:19:35action: Unspecified; _Weekend Vortex (Episode 19)

TRAILER

TEASER_TRAILER

v

Panasonic Panasonic
DTV 2014 LD6 Smart
v

Panasonic Panasonic
DTV 2014 LD6 Smart
TV

Apple iPhone XR

Apple iPhone XR

Apple iPhone XR

Apple iPhone XR

Samsung 2014 MStar
DTV

Samsung 2014 MStar
DTV

Samsung 2014 MStar
DTV

Samsung 2014 MStar
DTV

Samsung 2014 MStar
DTV

Samsung 2014 MStar
DTV

Samsung 2014 MStar
DTV

Samsung 2014 MStar
DTV

NZ (New
0:14:58 0:14:58Zealand)
NZ (New
0:02:32  0:02:32Zealand)
NZ (New
1:50:39  1:50:39Zealand)

Not latest NZ (New
0:22:16view Zealand)

Not latest NZ (New
0:00:08view Zealand)

Not latest NZ (New

0:54:34view Zealand)
NZ (New
0:00:43  0:00:43Zealand)

Not latest NZ (New
0:15:57 view Zealand)

Not latest NZ (New

0:14:58view Zealand)
NZ (New
0:19:40 0:19:40Zealand)
NZ (New
0:21:02 0:21:02Zealand)
NZ (New
0:21:07  0:21:07 Zealand)
NZ (New
0:18:53  0:18:53Zealand)
NZ (New
0:21:08 0:21:08Zealand)
NZ (New
0:19:57 ___0:19:57Zealand)



https://www.netflix.com/account/getmyinfo

Known Limitations

e Other people use Leesh profile (on living room tv in flat)

* Limited to Netflix data (She uses Lightbox, Disney+, personal
copies)

* No TV/Film delineation

* No genre information

 What counts as a view?
* Autoplayed titles may not have been watched actively
* Netflix left on while she slept
* Moving devices = 2 or more views?



Solutions

* Filter some ‘Flat TV’ entries based on known viewing habits
* Focus analysis on Netflix only

e Create calculated column for TV/Film assignment based on entry
title

» Qutline clear definitions for purpose of analysis



Definitions

* View = Any time a title has been played on a given device for at
least 60 seconds.

* Entry = A row in the dataset. Each entry is an individual view.

e Total Hours = The number of hours a user has spent (captured via
Duration) watching a given title

TV Show/TV = Episodic titles that are part of a collective series,
miniseries or set of seasons.

 Movie = Standalone titles/films



Cleaning the
Data in Power

Query

Steps Taken:

1.

2.

Promote Headers
Removed ‘Trailer’ entries via Supplemental Video Type column

Changed Column Types (Start Time to DateTime and Duration to
Duration)

Change 'Start Time' Column to NZ timezone (Created ZoneTime
column to convertvalue to UTC O, created new Start Time NZ
column as + 13, drop old Start Time and ZoneTime columns)

Removed Unnecessary Columns (Supplemental Video Type,
Attributes, Bookmark, Latest Bookmark, Country)

Removed 2021 entries (Not enough data)

Removed entries where duration is less that 1 minute (not a
real viewing), or over 3 hours (heavy outliers/bugged)

Added ContentType column (Assign 'TV' to entries with word
'Episode’, else assign 'Movie')

Added ShowName column (Take text from title before ":' and call
that show name)

. Added ShowNameOrMovie column (If contenttype is TV then do

above, else add prefix 'Movie -")

. Added Total Hours, Total Minutes, Duration in seconds columns

(Calculated from Duration column)

._5_3 B ABC Columnl ABC Column2 - ABC Column3 - ABC Columnd - ABC Column5
]
a ® Valid 0% ® Valid 100% | @ Valid 100% | & Valid T9%
Error 0% Error 0% Error 0% Error 0%
& Empty 0% & Empty 0% | ® Empty 0% | = Empty 21% | @ Empty
|IIIIIIIIIIIIIIIIIIII ||||IIIII|II||||||m _ "l""llllll
1 unique 999 distinct, 998 unigue 571 distinct, 399 unique 4 distinct, 1 unique &79 distinet, £70 ur
Profile Name Start Time Duration Attributes Title
~
2 2021-01-1402:12:43 00:02:50 Autopl : Unspecified; The Office {U.S.
3 2021-01-14 02:09:33 00:03:02 Autopla : Unspecified; The Office {U.S.

A=
[=

=
o
m
=

B W
=
o
m
=

01-1322:31:13
2021-01-13 22:10:30
01-13 21:45:15
01-13 21:33:17

2021-01-15 19:45:51

01-13 19:44:26

01-13 10:00:40
01-13 09:35:44
01-13 09:18:34
01-1309:17:48
1-01-13 09:15:42
01-13 08:20:40
01-13 08:01:09
021-01-13 08:00:53

01-13 07:48:32

01-12 10:18:58
021-01-12 09:58-46

01-12 09:16:4

01-12 08:55:47

021-M1-12 OR-78-57

10 COLUMNS, 999+ ROWS  Column profiling based on top 1000 rows

00:17:35
00:20:35
00:20:47
00:11:51
00:00:10
00:00:08
00-00-13
00:00:53
00:05:01
00:20:47
00:20:53
00:00:35
00:01:47
01:35:48
00:00:05
00:00:10
00:00:04
00:00:06
00:00:18
00:00:35
00:55:56
00:01:41
00:07:55
00-2001
00:20:47
00:20.52
00:00:36

nN-20r56

Autoplayed: user action: Unspecified;

Autoplayed: user action: Unspecified;

user action: Unspecified;

user action: None;
user action: None;

d: user action: None;

user action: None;

user action: Unspecified;
Unspecified;

MNone;

user action:
user action:
: None;
: Unspecified;
- None;

- Mone;

user ad - None;
d: user action: None;
: None;

Autoplayed: user action: None;

Autoplayed: user action: Unspecified;

user ad - Mone;

user ad : Unspecified;

user action: Unspecified;

user action: None;

Basranlaved- nser action- Linsnerified-

The Office {U.5.
The Office {U.5.
The Office (U.5.
The Office (U.5.
MINDHUNTER:
Night Stalker: T
Derry Girls: Sea
Season 1 Trailer
The Office {U.5.
The Office {U.5.
The Office (U.5.

Snowpi he

Season 1 Trailer
Juliet, Naked
Vikings: Season
Season 1 Trailer
Season 1 Trailer
Snowpiercer_he
Season 1 Trailer
Snowpiercer_heg
Bridgerton: Sea
Bridgerton: Sea
The Big Bang Tk
The Office {US.
The Office {U.5.
The Office {U.5.
The Office (U.5.
The Office (LI 8§

4 PROPERTIES
Name

All Properties

NETFLIX

4 APPLIED STEPS

Source

Promoted Hea...

Filtered Rows (..

Changed

Type ..

Added Custom...
Added 5tart Ti...

Reordered Col...

Removed Colu...

Removed Sup...

Removed Colu...

Changed

Type ...

Filtered Rows ..
Filtered Rows ..
Filtered Rows (..

Added Custom...

Added Custom...

Added Custom...

Changed

Type ..

Inserted Total ...

Inserted Total ...
Added Duratio...

Changed

Type ..

PREVIEW DOWMLOADED AT 11:46 AM




NETFLIX

X " |[l MotLeesh = A ID{ViewingActivity[Device Type] = "Samsung 2016 Hawk-M DTV Smart TV", [Start Time NZ]-INT{[Start Time NZ]) »>= TIME -

(20,08,8))

]
Motleesh |~ | ContentType |~ ShowName = | Total Hours |~ | WeekDayNumber |~ | DayOfiNeek |- - - | ShowMName (Top 5 and C
Faise | TV Brocklyn Nine-Nine 0.3625 3 | Wednesday Brocklyn Nine-Nine Brocklyn Nine-Nine 2

1
Brocklyn Nine-Nine 0.3625 4 | Thursday Brocklyn Nine-Nine 1 | Brocklyn Nine-Nine
Brocklyn Nine-Nine 0.3625 1| Monday Brooklyn Nine-Nine I | Brocklyn Nine-Nine
Brocklyn Nine-Nine 0.3625 7 | Sunday Brocklyn Nins-Nine 1 | Brooklyn Nine-Nine
0 u m n S Brocklyn Nine-Nine 0.3625 5 | Friday Brocklyn Nins-Nine 1 | Brooklyn Nine:
Brocklyn Nine-Nine 0.3625 5 | Friday Brocklyn Nins-Nine 1 | Brooklyn Nine:
Brocklyn Nine-Nine 0.3625 4 | Thursday Brocklyn Nins-Nine 1 | Brooklyn Nine-Nine
Brocklyn Nine-Nine 0.3625 4 | Thursday Brocklyn Nins-Nine 1 | Brooklyn Nine-Nine
Brocklyn Nine-Nine 0.3625 7 | Sunday Brocklyn Nins-Nine 1 | Brooklyn Nine-Nine
Brocklyn Nine-Nine 0.3625 7 | Sunday Brocklyn Nins-Nine 1 | Brocklyn Nine-Nine
NOtLeeSh Brooklyn Nine-Nine 0.3625 6 | Saturday Brooklyn Nine-Nine 1| Brooklyn Nine-Nine
Brocklyn Nine-Nine 0.3625 5 | Friday Brocklyn Nine-Nine 1 | Brocklyn Nine-Nine
Calculated column based on knowledge of Aleesha and other Brooklyn Nine-Nine 0.3625 5| Friday Brooklyn Nine-Nine 1 Brookiyn Nine-Nine
ﬂat mem.ber.s viewin hab|t5 usin the SharEd |0Unge TV for Brocklyn Nine-Nine 0.3625 4 | Thursday Brocklyn Nins-Nine I | Brocklyn Nine-Nine
Netflix. Viewings on this TV after 8pm are extremely unlikely to — — ————
be Aleesha based on her SChedUle. Brocklyn Nine-Nine 0.3625 Brocklyn Nins-Nine 1 | Brooklyn Nine-Nine
Brocklyn Nine-Nine 0.3625 Brocklyn Nins-Nine 1 | Brooklyn Nine-Nine
Wee kDayNumber, DayOfWeek Brooklyn Nine-Nine 0.3625 Brooklyn Nine-Nine 1 | Brooklyn Nine-Nine
Brocklyn Nine-Nine 0.3625 Brocklyn Nins-Nine 1 | Brooklyn Nine-Nine
Numerical and String versions of weekdays for visualizing Brooklyn Nine-Nine 0.3625 Brooklyn Nine-Nine 1| Brooklyn Nine-Nine
common viewing times Brooklyn Nins-Nine 03825 Brooklyn Nins-Nine 1| Brooklyn Nine-Nine
. Brocklyn Nine-Nine 0.3625 Brooklyn Nine-Nine 1 | Brocklyn Nine-Nine
ShOWName (Top 5 and Other)! ShOWNameorM0V|e Brocklyn Nine-Nine 0.3625 4 | Thursday Brooklyn Nine-Nine I | Brocklyn Nine-
groups Brocklyn Nine-Nine 0.3625 4 | Thursday Brooklyn Nine-Nine I | Brocklyn Nine
q q A q . Brooklyn Nine-Nine 0.3625 4 | Thursday Brooklyn Nine-Nine I Brocklyn Nine-Nine
Grouping columns for visualizing Most Viewed titles vs m— o e — ——— - —
xothersy Brocklyn Nine-Nine 0.3625 3 | Wednesday Brocklyn Nins-Nine 1 | Brooklyn Nine:
Brocklyn Nine-Nine 0.3625 1 Monday Brooklyn Nine-Nine 1 | Brooklyn Nine:
Proflle Name groups Brooklyn Nine-Nine 0.3625 1| Monday Brocklyn Nine-Nine 1 | Brooklyn Nins-Nine
Brocklyn Nine-Nine 0.3625 7 | Sunday Brocklyn Nins-Nine 1 | Brooklyn Nine-Nine
Grouping column for comparing Leesh’s profile to all other Braoklyn Nine-Nine 03825 7 Sundsy Braoklyn Nine-Nine 1 Brooklyn Nine-Nine
users on the account Brocklyn Nine-Nine 0.3625 7 | Sunday Brocklyn Nina-Nine 1| Brooklyn Nins-Nine
. . Brocklyn Nine-Nine 0.3625 & | Saturday Brooklyn Nine-Nine 1 | Brocklyn Nine-Nine
Duration bins Brooklyn Nine-Nine 0.3625 & Ssturday Brooklyn Nine-Nine 1| Brooklyn Nine-Nine
. . . . . . Brooklyn Nine-Nine 0.3625 5 Brooklyn Nine-Nine 1| Brocklyn Nine-Nine
Bln .CO|umr] for analyZIng h|gh|yVar|ed duratlon Iengths Inan Brocklyn Nine-Nine 0.3625 5 | Friday Brocklyn Nins-Nine 1 | Brooklyn Nine-Nine
easier to digest format B - _ e .
Brocklyn Nine-Nine 0.3625 5 | Friday Brocklyn Nins-Nine 1 | Brooklyn Nine-Nine
Dev'ce Type bInS . als Brocklyn Nine-Nine 0.3625 5 ¥ Brocklyn Nins-Nine 1 | Brooklyn N'ne-“lire) W
ViewingActi 33,364 rows) Column: Notleesh (2 distinct values) Update available (click to down

Bin column to allow for devices to be presented as groups
(TVs, Phones etc.) for simplicity




Visualizing the Data

NOTE: Power Bl Functionality limited to the original Power Bl report.

For visualization interaction (Search by title, viewing breakdowns for other
profiles, tooltip hover)


https://tomjwhite.github.io/#portfolio

Profile

Viewing Breakdown :

Movies TV

2 448 3,709 2546

27%
Total Hours (TV Shows) Unique Episodes Watched

6,157 154 10426

Total Hours Series Watched Total Episodes Watched

Total Hours (Movies)

667

Movies Watched

Total Hours Top 10 Movies Total Hours Top 5 Shows
v v

217 | Kung Fu Panda
114 | Scooby-Doo
91 | Kung Fu Panda 2
91 | Shrek 2
80 | Scooby-Doo 2: Monsters Unleashed

1,092 | The Big Bang Theory
685 | Brooklyn Nine-Nine

TV - Other

21%

324 | The Vampire Diaries
160 ‘ Prison Break
148 | The Good Place

56 Tongld s |
48 Cloudy with a Chance of Meatballs 2

36 | Shrek the Third
34 | Shrek

Saturday, 30 December 2017

33 Megamind 369 794 17.88

Biggest Netflix Viewing Day (Hours)

Total Hours Per Viewing Day (Average) Viewings Per Viewing Day (Average)



TV Show Breakdown

Sunday, 7 June 2020

16.44
Biggest TV Viewing Day (Hours)

2546

Distinct Episodes Watched

10426

Total Episodes Watched

Total Hours by Year

1455

865

519

401
318

151

Show Name

All

Top 5 Episodes

Brooklyn Nine-Nine:
Brooklyn Nine-Nine:
Brooklyn Nine-Nine:
Brooklyn Nine-Nine:

3)

Brooklyn Nine-Nine:

Total Hours by Month

296

178

212 208

Season 1:
Season 2:
Season 2:

Season 2:

Season 1:

316

398

Pilot (Episode 1)

241

Undercover (Episode 1)

279

Chocolate Milk (Episode 2)

The Jimmy Jab Games (Episode

Charges and Specs (Episode 22)

304

3,709

Total Hours

Total Hours

v

430

362

486

Top Shows by Total Hours

Prison Break 431% —
The Vampire Diaries

8.74%

Brooklyn Nine-Nine

1847%

Total Hours by Day

606

559

572

Profile

Leesh

The Good Place
4%

_— Other 35.04%

|__ The Big Bang Theory
29.44%

508
488 493 482



Friday, 4 March 2016
12.25

667 2842

Unique Titles Watched Movie Viewings

Total Hours by Year

602 597

362
342

298

247

Movie Breakdown

Top Movies by Total Hours

Kung Fu Panda 8.86%

Title 2’448.3 9 Kung Fu Pan.. 3.72% —,

Scooby-Doo 4.67% —.
All 4 Scooby-Doo 2: Monst...
Total Hours 3250 —
Shrek 2 3.7% —— .
Top Films Total Hours
v

Kung Fu Panda
Scooby-Doo
Kung Fu Panda 2
Shrek 2

Scooby-Doo 2: Monsters Unleashed

Total Hours by Month Total Hours by Day

299 381

361

254 248
236

222 227
207

175 177

145
125 133

367

341

Profile

Leesh

“— Other Movies 75.8%

354

321 324




Profile

Duration And Time -

Count of Viewings by Day and Hour

51 69 21 34 DayOfWeek 0 1 2 3 4 5 66 7 8 9 10 11 12 13 14 15 16 17 18 19 20 21 22 23

Monday
Tuesday
Wednesday
Thursday
Friday
The Lord of the Rings: The Fellowship of the Ring Saturday

Sunday

Average Movie Viewing Duration (Minutes) Average Episode Viewing Duration (Minutes)

172.38

Longest Individual Viewing Duration (Minutes) iy [ S T

Kung Fu Panda ContentType @Movie © TV

275
Most Viewed Title

Title Viewing Duration by Content Type

ContentType @ Movie © TV i 1 =

S

S ] 3 3 S S ] S
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Profile

Year Compare

Start Date Total Hours (%) by Year Total Hours (%) by Year and ContentType

1/01/2016 31/12/2020 @ Movie TV

_. . 2016 | 2020
920(16.11%)
2020
1702 (29.82%)
2019 30%
2017
998 (17.4..)

‘ 2018
861(15.09%)
Total Hours by Month and Year

Year ©2016 ®2017 @2018 @2019 ¢ 2020

200

150

/’\i

100

50

January February March April May June July August September October November December



Profile

Device Compare

Hour of Viewing by Content Type

Device Type (groups) @ Computer @ Digital Media Player @ Phone © Smart TV

Computer
Phone
PR A NS S S A AN A S (S S WG AL A \ LU I AL \ DS AL A\ (G S e N
I I I I I I S I I N R AR A AR RN AN
A AP A o (P (P (P 4P o F 6, EAFP AP AP 5P P P (PP P o ERS
Total Hours by Device Type (groups) and ContentType
ContentType @ Movie © TV
Smart TV

Device Type (groups) Total Hours %GT Total Hours

Smart TV 5,850.24

Phone 213.26
Computer

Digital Media Player

Smart TV Phone Computer Digital Media Player



Leesh vs Other Users

Profile Name @ Leesh @D ) @Britt @ Gregor @ Jacob Total Hours by Profile Name (groups) and ContentType
Total Hours by Year and Profile Name )
Jacob @ Movie © TV
Profile Name @Britt @D ) @ Gregor ®Jacob @ Leesh Gregor 6.82% -7%1% B

Britt 16.23% —_

—— Leesh 43.05% Other Users

14,304

Total Hours
Leesh

B -/
2016 2018 2020 el

Total Hours by Year and Profile Name Total Hours by Year and Profile Name (groups)

Profile Name @Britt @D J @Gregor @ Jacob @ Leesh Profile Name (groups) @ Leesh @ Other Users

2015 2016 2017 2018 2019 2020 PA 2016 2017 2018 2019 2020



Profile

Pre Vs Post Pandemic -

Total Viewing Hours by Month (2020)

Year © 2019 © 2020

13/05/20 - Move to Level 2

09/06/20 - Move to Level 1 30/08/20 - Move to Level 2

l_

23/03/20 - First Lockdown begins

12/08/20 - Second Lockdown begins

January February March April May June July August September October November December



Findings



Hypothesis vs Findings

Blg Bang Theory number 1 most viewed content

True. Most viewed TV show, approximately 30% of all TV viewing at nearly 1100 hours. No other single title
comes close.

* False. No Harry Potter Titles in the Top 10 Films. Combined, Harry Potter Titles account for 96 Hours of viewing,
less than half of that of Kung Fu Panda
Majority of viewing as TV shows

. Erue TV Shows account for 60% of Leesh’s viewing overall. In 2020, TV Shows accounted for 85% of her viewing
ours.

Heaviest usage between 8pm-1am
* True. Heaviest usage at 10pm on average, with high viewing levels between 9pm-12am.

Leesh largest user on Netflix account, at least half of all viewing

« Partially true. Leesh is the largest sin %Ie user by viewing hours, but only accounts for 43% of total viewing hours.
In 2020 however, she did overtake all other cumulative users at 1702 Hours for Leesh vs 1427 Hours for all
other users combined.

Usage increased over 2020 compared to previous year, decrease when Auckland released
from lockdown

* True, Overall viewing up for all lockdown months. Viewing hours down to lower than 2019 levels in July, when
Auckland left first lockdown.



Key Questions Answered

Q: What are the most viewed titles by Leesh?

A: For Film, Kung Fu Panda dominates. In TV and Overall, Big Bang Theory episodes eclipse all other titles

Q: How does her viewing differ by content type (TV or Movies)

A: TV Accounts for 60% of her viewing, with Movies at 40%. Leesh watches more varied content when watching films, and
watches the same content more with TV.

Q: Does she watch more new content vs content already seen before?

A: 52% of all viewing by total hours was from the Top titles in TV and Movies. As noted above, when watching movies
Leesh watches titles outside of the top 5-10 titles, but usually sticks to familiar titles when watching TV.

Q: How does Leesh’s usage compare to other profiles on the account?

A: Leesh made up 43% of all viewing across all time on the account. In 2020, this was up to 54%. Despite watching TV
more than Film at a 60/40 ratio, Other Users are more likely to watch TV shows, with 76% of all their viewing being TV.

Q: How did Covid-19 Lockdowns affect her viewing habits?

A: Compared to 2019, Leesh’s viewing was up significantly in months where she was in lockdown. Viewing also went down
when lockdown restrictions were lifted initially.



Next Steps

* Request 2021 data, compare with 2020
* Request alternate streaming service data (Disney+, Lightbox etc.)

* Attempt to assign genre information to titles



Thanks for reading!

Find me:

LinkedIn -

Website -

The Flat Fam (Aleesha, Daisy, Tom) with cats Charlie and Coby.


https://www.linkedin.com/in/tom-white-2034728a/
https://tomjwhite.github.io/

